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Context

What are the sequence features underlying the coordinated changes in transcriptional
activity of cis-regulatory elements (CREs) during differentiation processes?

Single cell dataset of human neuronal differentation
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Cluster in the expression space

Statistical learning TO Inform
Clustering
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Stoic clusters outline diverse expression profiles and epigenetic
signatures

Cluster 8 Cluster 6 Cluster 2 Cluster 9 Cluster 10 Cluster 3 Cluster 5 Cluster 1 Cluster 4 Cluster 7
N =295 N =918 N =288 N =220 N = 2369 N =282 N = 1800 N =266 N =615 N =239
AUC =0.821 AUC = 0.821 AUC =0.815 AUC = 0.804 AUC =0.778 AUC =0.776 AUC =0.751 AUC =0.745 AUC =0.735 AUC =0.704
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Differentiation pseudotime
Most inferred clusters are either enhancer-rich or promoter-rich
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Stoic R package
The machine-learning guided approach developped in Stoic is applicable to any problem where the
clustering of some measurements can be guided by a second matched dataset.

Let's discuss around Poster B-330
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